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PREPARACAO DOS DADOS

01. Carregar os dados e remover duplicados
02. Normalizar categorias inconsistentes
03. Tratar valores impossiveis

04. Lidar com valores em falta

05. Normalizar o dataset

06. Detetar e remover outliers

07. Agregar e juntar os dois datasets

08. Guardar o dataset final
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¥ Remove Duplicates

01. Carregar os dados e remover duplicados

include special attributes @

< treat missing values as duplicates

Remove Duplicates

Open in | Turbo Prep |§A Auto Model 455 Interactive Analysis Filter (2 / 2 examples):
Row No. diabetico id_paciente idade sexo ime tensao_sist.. tensao_dia.. colesterol_.. = fumador sedentaris..  historico_f.. | glicose_jej...
Retrieve pacientes 1 [ P0004 78 M 35.400 153 101 205 nao nao nao 83
2 0 P0051 67 M ? 145 84 199 sim nao nao 107

Nos exames nao é necessaria a data da visita nem o id_exame

ece Select Attributes: select subset

Select Attributes: select subset
The required Attributes can be selected from this option. This opens a new window with two lists. All

Attributes are present in the left list, if the meta data is known. They can be shifted to the right list,
Retrieve exames Select Attributes which is the list of selected Attributes that will make it to the output port. If the meta data is unknown,
you can manually type in attribute names and use the green plus-button to add them to the list of v
P out Attributes Selected Attributes
C < X AR
9 data_visita # creatinina_mg_dI
% id_exame # glicose_mg_d|

# hbalc_percent
% id_paciente
# vigliceridos_mg_d|
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02. Normalizar categorias inconsistentes

- Verificar nas Estatisticas:
- sexotem 4 valores (M, F, Masculino, Feminino);
- fumador tem 3 valores (sim, nao, Nao).
- Adicionar " Map" sobre sexo: Masculino > M, Feminino > F.

- Adicionar outro "Replace " ou "Map" sobre fumador: Nao = nao.

- Confirmar nas Estatisticas que cada atributo ficou s6é com 2 valores.
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02. Normalizar categorias inconsistentes

- Verificar nas Estatisticas:

- fumador tem 3 valores (sim, nao, Nao).

Parameters
il Replace
Replace attribute filter type single v ®
exa == attribute fumador v | ®
ori

J invert selection ®
include special attributes ®
replace what Nao 2D
replace by nao ®
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02. Normalizar categorias inconsistentes

- Verificar nas Estatisticas:

- sexo tem 4 valores (M, F, Masculino, Feminino);

Replace_Masculino Replace_Feminino
exa E exa exa @ exa
ori ori
Parameters Parameters
- Replace_Masculino (Replace) T Replace_Feminino (Replace)
[ ] [ ] Edit Parameter List: value mappings
attribute filter type all v O attribute filter type all v | ®
Edit Parameter List: value mappings A
Multiple mappings can be specified through this . If only a single ing is required. ltcan
n A ® be done using the parameters replace what and replace by as in the Replace operator. Old values and
invert selection invert selection [6) \ new values can be easily specified through this parameter. Multiple mappings can be defined for the
same old value but only the new value cor ing to the first ing is taken as replacement. v
include special attributes ® include special attributes ® old values new value
Masculino M
replace what Masculino o | ® replace what Feminino 2 o [Feminiml .
replace by M @ replace by E ®
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03. Tratar Valores Impossiveis

ldade imc

Parameters
Parameters
= . = Declare Missing Value (2) (Declare Missing
i Declare Missing Value “ Value)
attribute filter type single v attribute filter type single v ®
attribute idade v|® attribute imc v o
invert selection ® invert selection ®
include special attributes ® include special attributes ()
mode expression M mode expression vi®
expression value idade > 120 B o expression value imc< 1 = e
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Declare Missing Value

creatinina

Parameters

= Declare Missing Value (3) (Declare Missing
“ value)

attribute filter type single

attribute creatinina

invert selection

include special attributes

mode expression

expression value creatinina < 0
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Parameters
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I\:H Missing_hbalc (Declare Missing Value)

attribute filter type single

attribute hablc

invert selection

include special attributes

mode expression

expression value hablc > 15
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04. Lidar com valores nulos

Parameters

* Replace Missing Values

Replace Missing Values attribute filter type all
q exa [TrEse ean
: ori [) invert selection
preD
v include special attributes
default average
columns Edit List (0)...

PARTE 1 - PREPARAGAO

‘() TOMORROW
= NEEDS

R

Name [ Type Missing §
Label

diabetico Binominal 0
fumador Nominal 0
sexo Nominal 0
idade Integer 0

imc Real 0
tensao_sistolica Real 0
tensao_diastolica Real 0
colesterol_total Real 0
sedentarismo Nominal 0
historico_familiar_diabetes Nominal 0
glicose_jejum Real 0
creatinina Real 0
glicose Real 0
hablc Real 0
trigliceridos Real Y
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05. Normalizar

Valores numéricos usado o z-transform

Normalize
( exa [HHH exa)
H
ori )
pre )
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Parameters

" Normalize

attribute filter type all

invert selection

include special attributes

method Z-transformation
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06. Detetar e remover outliers

Coloca 10 outliers por defeito. Porqué?

Parameters

Zm Detect Outlier (Distances)

Detect Outlier (Distances)

number of neighbors 10 ®
number of outliers 10 ®
distance function euclidian distance v ®
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06. Detetar e remover outliers
Avaliar a distancia dos outliers!

3 0 1.206

299 0 1.269

124 0 1.288

2 0 1.303 | Bl 73 it 4 q e _.E “u —— — -
| NON ) Create Filters: filters

204 0 1.337

. ) Y Create Filters: filters
Detect Outl LOF; Filter E | 1 0 1.347 25 . S i ¥ = _
Sact ONCiar {LOF) erboiceeniblidoriy This is the default parameter for defining filter conditions via 'Add Filters..."' dialog window. It
111 1 1.381 the 'custom_filters' condition class is selected. This option allows the definition of a custom filt
consists of an Attribute, a comparison function and a value to match. More conditions can be

300 0 1.402 Entry" button. Several filters can be joined either by "Match all" or "Match any".
205 0 1.546 -1
outlier v < vimiz
157 0 1.752
275 0 2.103
8 0 2.343
113 0 2.970

Mais facil perceber o salto e as distancias!

Em vez dos 10 por defeito do "Detect Outlier (Distances)", os dados aqui apoiam um corte por score de LOF, ndo por contagem fixa.
"outlier se LOF > 1,7" apanharia s6 os ultimos 4 valores (1,752, 2,103, 2,343, 2,970), que sao precisamente os candidatos a ser
outlier!
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06. Detetar e remover outliers

Depois de detetar e remover os outliers devemos remover a coluna outlier!
Operador “Select Attributes™!

Parameters

| remover coluna out (Select Attributes)

s type exclude attributes v |G
G exa | é;] ean

A o D attribute filter type one attribute v 0

select attribute outlier v (i

+/ also apply to special attributes (id, label..) i
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07. Agregar e juntar os dois datasets

- E necesséario um conjunto de passos antes de fazer o join dos 2 datasets!

- Como lidar com varios resultados por paciente?

- Existem atributos desnecessarios?
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07. Agregar e juntar os dois datasets

Aggregate Rename

exa exa exa exa

dic

v

ori ori

v

Attributes
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Edit Parameter List: aggregation attributes

Edit Parameter List: aggregation attributes

This parameter is one of the most important parameters of the operator. It allows you to select
attributes and the aggregation function to apply on them. Many aggregation functions are available
including count, average, minimum, maximum variance and many more.

aggregation attribute aggregation functions

creatinina_mg_d| v  average
glicose_mg_d| v average
hbalc_percent v | average
trigliceridos_mg_d| v | average

Select Attributes: group by attributes

Select Attributes: group by attributes
Performs a grouping by the values of the attributes by the selected attributes.

Selected Attributes

|*}P arch

| %

X

1 creatinina_mg_dI
## glicose_mg_dl

# hbalc_percent

1 trigliceridos_mg_d|
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07. Agregar e juntar os dois datasets

Edit Parameter List: rename attributes

Agg l"eg ate Ren ame r Edit Parameter List: rename attributes
This parameter is available if and only if the dictionary input port is not connected. To rename one or
more attributes click on the "Edit List (0)..." button. Here you can select attributes and assign new
exa @ exa exa HH exa names to them.
ori dic ori old name new name
' ' average(creatinina_mg_dl) ¥ creatinina

average(glicose_mg_dl) v glicose

average(hbalc_percent) ¥ hablc

average(trigliceridos_mg_dl)| v |trigliceridos
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07. Agregar e juntar os dois datasets

Retrieve pacientes Remove Duplicates Rep_Fumador Map_Sexo Missing_ldade Missing_IMC
inp out exa + exa exa exa exa g exa exa :-i exa
C E ori @ ori £ ori B ori
v
v v v v
Retrieve exames Select Attributes Missing_Creatinina Missing_hbalc Replace Missing Va... Normalize Detect Outlier (LOF) Filter Examples removerOutlier Aggregate Rename
out exa T exa exa exa exa exa exa : exa exa [T exa exa exa exa [T exa exa exa exa [ exa
s i i B B4 & Y B E 5
J ori ori ori ori D ori ori ori ori dic ori
v v v pre ) pre v v v
v v

Edit Parameter List: key attributes

Edit Parameter List: key attributes A |
This parameter is available when the parameter use id attribute as key is unchecked. This parameter =
specifies Attribute(s) which are used as the key attributes. Identical values of the key attributes indicate
matching Examples. For each key attribute from the left ExampleSet a corresponding key attribute from
the right ExampleSet has to be chosen. Choosing appropriate key attributes is critical for obtaining the Vv
left key attributes right key attributes
[id_paciente v | id_paciente v
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08. Guardar o dataset final

Parameters
- Podemos exportar o dataset! !, Write CSV
csv file xoto/Desktop /tst.csv B )
column separator ; ®
Write CSV
V| write attribute names ®
< quote nominal values ®
V| format date attributes ®
date format AM-dd HH:mm:ss v [0 ©
append to file ®
encoding SYSTEM v ®
S
 Change compatibility (12.0.001)
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08. Guardar o dataset final

- Ou criar um subprocesso que englobe a preparacao dos dados!

Subprocess

inp E= out D

Process
© Process » Subprocess » 125 2 P P iz
Map Replace Declare Missing Val... Declare Missing Val... Declare Missing Val... Replace Missing Va... Normalize Detect Outlier (LOF) Filter Examples
inp exa @ exa D exa E@ exa D exa @g{- exa D exa Egﬁg:- exa D exa Eur%:- exa D exa E"ﬂ%ﬁ- exa D exa M exa D exa Eﬂ?‘; exa D exa Y exa D
inp oriD oriD oriD oriD oriD oriD i oriD oriD D
pre D pre D D
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PROCESSO FINAL

Retrieve pacientes Remove Duplicates Join Subprocess

c outD Qexa v ean
: dupD

T
‘1
aO O
Bl
s

Retrieve exames

C outD—‘

Select Attributes Aggregate Rename

e R R

LA

NAO ESQUECER DE GUARDAR O PROCESSO NO Al STUDIO!
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